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Abstract Ephemeral gully (EG) erosion can be a major source of sediment in agricultural watersheds and 
predicting the location and length of EGs is important to assess sediment source areas. Topographic index 
(TI) models utilize topographic-only factors to locate concentrated flow paths on agricultural fields. In this 
paper, the TI-model is expanded by incorporating an overland flow equation that describes surface excess 
rate, roughness, and soil critical shear stress. An un-calibrated Process-Based (PB) topographic index model 
was applied to an agricultural watershed in Central Kansas and the results were compared with a calibrated 
Slope-Area (SA) model. The analysis showed that the PB model slightly over-predicted topographic 
properties of ephemeral gullies compared to the observed data. Accuracy of the SA model depended on the 
selected threshold value.  
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INTRODUCTION 

The National Resource Inventory on soil erosion from cropland (NRI, 2007) has reported a 43% 
decrease in soil erosion in the United States since 1982. This reduction has been mainly due to the 
adoption of various soil conservation practices; however, the impact on ephemeral gully (EG) 
erosion is still unclear. EGs are concentrated flow channels in agricultural fields that form when 
surface water runoff energy exceeds critical shear stress of soil. Such channels are defined as 
ephemeral channels because they can be temporarily removed by tillage or grow into permanent 
gullies if not mitigated. Studies by Foster (1986), Poesen et al. (1996), Vandaele et al. (1996), 
Casalí et al. (1999) and Douglas-Mankin et al. (2011) report that soil loss due to EG erosion can 
contribute from 30% to as high as 83% of total erosion worldwide.  
 The main factors that affect the formation and development of EGs include rainfall amount 
and intensity, field topographic features, soil properties, land cover and management practices. EG 
initiation is known to be a threshold phenomenon (Knapen and Poesen, 2010). A precipitation 
event that forces EG erosion normally exceeds a threshold precipitation amount, but also depends 
on soil conditions and the initial moisture content (Capra et al., 2009). For example, Casalí et al. 
(1999) reported that within a three-year period from October 1994 to September 1997, only three 
rainfall events were able to promote EGs. Topographic attributes such as upstream drainage area, 
slope, and plan of curvature are key topographic controls in the formation process (Foster, 1986; 
Desmet et al., 1999; Knapen and Poesen, 2010; Daggupati et al., 2013). Soil properties play an 
important role in allowing soil particles to detach and travel with overland flow. The erosion 
resistance of topsoil is commonly referred to as soil critical shear stress, the value at which 
shearing forces of concentrated water flow initiate soil erosion. Soil moisture content can affect the 
soil critical stress, thus influence formation and progression of EG (Nearing et al., 1989). Land 
cover and management practices greatly influence vegetation cover and the ability of land to slow 
the overland flow (Poesen et al., 2011). Vandekerckhove et al. (2000) reported that land cover has 
a greater influence than climatic conditions in explaining topographic thresholds for different 
areas. 
 Several empirical and physically-based models have been developed to quantify EG erosion at 
both field and watershed scales. The physically-based models, for example, the Ephemeral Gully 
Erosion Model (EGEM) (Woodward, 1999) and the Revised EGEM model (Gordon et al., 2007), 
require a wide set of input physical parameters that are difficult to validate at large scales. 
Accordingly, simple empirical- and regression-based models were also developed (Nachtergaele et 
al., 2001; Capra et al., 2005; Daggupati et al., 2013). Empirical models utilize a limited set of 
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input parameters. They normally consider only topographic indices and neglect physical processes. 
The goal of this study was to explore a mixed approach by combining a physically-based 
formulation to develop a Topographic Index (PB-TI) model. This approach uses GIS to identify, 
locate, and statistically assess EGs in an agricultural watershed, and evaluates performance of the 
model when compared to the Slope-Area (SA-TI) model. 
 
STUDY AREA 

The Goose Creek watershed (12-digit Hydrologic Unit Code [HUC] 110300140204) is a 13 306 ha 
watershed that drains into North Fork river in Reno and Kingman counties, northwest of the City 
of Wichita in central Kansas, USA (Fig. 1). Land use in the watershed is dominated by cropland 
(64%) and rangeland (29%). Soils are predominantly silt-loams (KDHE, 2000) and the topography 
is generally flat with a median slope of 0.9%. The major crop type is winter wheat followed by 
grain sorghum, corn, and soybeans. A weather station is located near the city of Pretty Prairie, 
Kansas (NCDC USC00146573), east of the watershed. 
 

 
Fig. 1 Map of Goose Creek watershed in central Kansas, USA, showing cultivated cropland fields (dark 
areas), ephemeral gullies (short solid lines), stream network (black lines), and subwatersheds.  

 
 The period from 2002 to 2003 was selected for assessment of EG locations and length because 
of previous knowledge of field management, topography, aerial imagery, precipitation and stream-
flow data. Crop tillage and planting for winter wheat was completed in September 2002. A Digital 
Ortho Quarter Quadrangle aerial image of Goose Creek watershed from 22 March 2003 was 
acquired (Google Earth, 2010) and it showed a network of developed EGs. Analysis of 
precipitation records revealed that EGs most likely resulted from precipitation events from  
2 October to 4 October 2002, because no significant storm event was recorded during winter of 
2002 and spring of 2003.  
 Following the procedure outlined in Daggupati et al. (2013), EGs were digitized using aerial 
photographs (Google Earth, 2010) and Digital Elevation Models (DEM; USDA-NRCS, 2011). The 
hill-shade raster files were used to enhance surface relief in ArcGIS (ESRI, 2011). The 874 EG 
fields identified ranged in length from 14 to 819 m. A field survey was conducted to verify more 
than 65% of the identified EGs. 
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SLOPE-AREA TOPOGRAPHIC INDEX MODEL 

The Slope-Area (SA-TI) TI model uses two primary topographic attributes, slope S (%) and 
upstream drainage area A (m2) to calculate an index value TSA at each point in a field (Moore et al., 
1988): 
 

 TSA=S∙A  (1) 
 

 A critical threshold value of TSA determined a priori for the entire field is compared with the 
index in equation (1) at each point in a field, and EGs were identified if the threshold is exceeded. 
All points within a field where the threshold is exceeded compose a flowpath of an EG. Daggupati 
et al. (2013) compared the SA-TI model with three other TI models and reported that the SA-TI 
model statistically outperformed the others with an optimal threshold of 50. 
 
PROCESS-BASED TOPOGRAPHIC INDEX MODEL 

Most topographic index models account for topographic factors such as drainage area, local slope, 
curvature. However, they often fail to include other characteristics related to soil properties and 
initial soil moisture conditions, land cover and management as well as precipitation, runoff and 
peak discharge. Montgomery and Dietrich (1994) proposed an approach that assumes steady-state 
precipitation intensity over a surface with uniform infiltration capacity and estimates a critical 
drainage area at any point in the field for channel erosion initiated by overland flow using 
Manning’s equation for flow velocity: 
 

 Acr=n (ρwg)5/3 τcr
-5/3 E S7/6 (2) 

 

where Acr (m2/m) is the critical drainage area divided by the unit contour length, n is Manning’s 
roughness coefficient (s/m1/3), S is local surface slope (m/m), τcr (N/m2) is the critical shear stress, 
ρw is density of water (kg/m3), g is acceleration due to gravity (m/s2), and E (m/s) is a steady-state 
precipitation excess rate. The unit contour length was taken as a resolution scale of DEM. 
 This process-based TI (PB-TI) model in equation (2) is based on the assumption that EGs 
form by turbulent overland flow when the stream power exceeds critical shear stress. At each point 
in the field, an EG is assumed to occur if the local drainage area AS is greater than Acr, This 
approach provides additional insight in EG identification by accounting for topographic features (S 
and A), land cover condition (n), weather and hydrology (E), and soil property (τcr). Topographic 
attributes can be determined from a DEM, the roughness coefficient can be found from land use 
datasets and critical shear stress is available from online soil databases. However, the precipitation 
excess rate (E) is event-specific and it must be modelled separately. The antecedent soil moisture 
content preceding a runoff event is not explicitly included in the formulation but assumed to be 
accounted in the simulation of E. 
 To calculate E, the Soil and Water Assessment Tool (SWAT) (Arnold et al., 1998) was 
applied to the studied area. SWAT is a continuous, process-based model that calculates surface 
runoff for each field based on the SCS Curve Number method (USDA-SCS, 1972). Watershed 
input geospatial datasets were 10 m × 10 m DEM (USGS, 1999), SSURGO soil dataset (USDA-
NRCS, 2005; Sheshukov et al., 2011), field-based cropland NASS dataset and management 
schedule data (Gali et al., 2012). The SWAT model was run from 1 January 1996 to 31 December 
2008 and calibrated for streamflow. Average daily runoff rates E were extracted for each 
catchment during the storm event on 3 October 2002 that was assumed to cause EG erosion. 
 
RESULTS 

Two TI models (PB-TI and SA-TI) were applied to cropland fields of Goose Creek watershed. 
Catchments with EGs were identified and the length of each EG was calculated. A map of 
agricultural fields and EG lines are shown in Fig. 1.  
 Both the occurrence and length of EGs were predicted by two models and analysed using a 
statistical error matrix method (Gómez-Gutiérrez et al., 2009; Meyer and Martinez-Casosnovas, 
1999). The method is based on treating the presence of EG as unity and absence as zero. The false 
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positive is defined as predicted/not observed and the false negative as not predicted but observed. 
The occurrence statistic kappa also used in the analysis; it reaches a higher value with better model 
performance. The resulting statistics are presented in Table 1.  
 
Table 1 EG occurrence (rows one to three) and length (rows four to six) statistics for observed, PB-TI and 
SA-TI models. 
 PB-TI Model SA-TI Model 
False positive 34% 26% 
False negative 18% 30% 
Kappa 29% 30% 
R2 0.50 0.39 
NSE –0.29 0.08 
PBIAS –42.4% –18.0% 
 
 The PB-TI model was found to have a greater false positive rate (34%), but lower false 
negative rate (18%) compared to the SA-TI model. Both statistics represent better model 
performance for lower values, so neither model had a clear advantage. The kappa statistics were 
similar for the two models, but the purely topographic based SA-TI model exhibited slightly better 
overall accuracy of EG occurrence prediction.  
 EG length was calculated for the two models and compared for each catchment with EGs 
digitized from the aerial image. The length of predicted EGs ranged from 50 m to 1253 m for the 
PB-TI model and from 50 m to 898 m for the SA-TI model. There were 714 matching EG 
catchments for the PB-TI model and 610 for the SA-TI model.  
 Figure 2 presents the number of EG catchments for each 20-m increment of EG length. The 
maximum number of EGs in the watershed was 83 for EGs with a length between 80 and 100. The 
number of EGs was low for short gullies, approached a maximum at about 100 m, and then 
decreased with increase of length, reaching single digits for gullies longer than 600 m. Both 
models underestimated the number of EGs that were shorter than 200 m, but over predicted the 
number of longer EGs.   
 
 

 
Fig. 2 Number of EG catchments for each 20 m range of EG length for observed EGs, PB-TI and SA-
TI models.  
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Fig. 3 Probability of exceedence for lengths of observed EGs, PB-TI and SA-TI models.  

 
 The statistics (R2, NSE, and PBIAS) that evaluate performance of the two models are shown 
in Table 1. Probability of exceedence of EG lengths for the observed and modelled data are 
presented in Fig. 3. Over the entire EG length range, both models exhibited overprediction of EG 
length, as shown by negative PBIAS values in Table 1 and the curves in Fig. 3. The three 
calculated statistics were better for the SA-TI model (Table 1), which was also supported by Figs 2 
and 3 that show better agreement with the observed curve than the PB-TI model. The observed EG 
length for 50% probability was 110 m, while it was 130 m for the SA-TI model and 165 m for the 
PB-TI model. 
 Better performance of the SA-TI model likely resulted due to model’s prior calibration in a 
small area of the Goose Creek watershed and identification of the optimal threshold of 50 prior to 
application to the entire watershed. Initial calibration of the SA-TI model in a small area within a 
watershed can result in reasonable model performance when applied to a topographically similar 
region or larger watershed. In contrast, the PB-TI model was not calibrated, but parameters in 
equation (2), such as critical shear stress and roughness coefficient, were taken from their 
respective databases without adjustment. However, the excess rate E was carefully adjusted based 
on comprehensive continuous hydrologic model.   
 A comparison of the two TI models showed that performance of the calibrated SA-TI model 
was only slightly better that the one of un-calibrated process-based PB-TI model. It demonstrates a 
robustness of the process-based model and its capabilities to produce reasonable EG length 
estimation without calibration. The PB-TI model included a steady-state surface excess rate that is 
difficult to find without the use of a hydrologic model. Further model improvements may be 
possible by reducing uncertainties with runoff estimates. Future work will focus on development 
of a dynamic TI model that would incorporate time-dependent surface runoff estimates that could 
provide more realistic EG location, length, and dimension estimations. The ongoing EG 
monitoring study will provide additional insight on site-specific physical properties and improve 
model performance in predicting location and length of EGs, which is essential for accurate 
estimation of EG sediment erosion rates. 
 
Acknowledgements This material is based on work supported by the USDA National Institute of 
Food and Agriculture (NIFA) under Agreement No. 2011-51130-31128. This study was conducted 
with the assistance of Drs Prasad Daggupati and Kyle Douglas-Mankin. The author is grateful to 
them for many discussions related to EG erosion. 



Aleksey Y. Sheshukov 
 

98 

REFERENCES 
Arnold, J.G., et al. (1998) Large area hydrologic modeling and assessment Part I: Model development. J. American Water 

Resour. Assoc. 34(1), 73–89. 
Capra, A., Porto, P. & Scicolone, B. (2009) Relationships between rainfall characteristics and ephemeral gully erosion in a 

cultivated catchment in Sicily (Italy). Soil Till. Res. 105, 77–87. 
Casalí, J., López, J. J. & Giráldez, J. V., 1999. Ephemeral gully erosion in southern Navarra (Spain). Catena 36(1-2), 65–84. 
Daggupati, P., Douglas-Mankin, K.R. & Sheshukov, A.Y. (2013) Predicting ephemeral gully location and length using 

topographic index models. Trans. ASABE 56(4), 1427–1440.  
Desmet, P. J. J., et al. (1999) Importance of slope gradient and contributing area for optimal prediction of the initiation and 

trajectory of ephemeral gullies. Catena 37, 377–392. 
Douglas-Mankin, K., et al. (2011) Cheney Lake watershed: Erosion from ephemeral gullies. MF-3030, Kansas State Research 

and Extension, Manhattan, Kan., USA. Available at: http://www.ksre.ksu.edu/bookstore/pubs/MF3030.pdf . 
ESRI (2013) ArcMap 10. Environmental Systems Resource Institute. Redlands, California.  
Foster, G.R. (1986) Understanding ephemeral gully erosion. Soil Conservation, Vol. 2. National Academy of Science Press, 

Washington, DC, pp. 90–125. 
Gordon, L. M., et al. (2007) Simulating ephemeral gully erosion in AnnAGNPS. Trans. ASABE. 50(3), 857–866. 
Google Earth (2010) Google Earth, Version 5.1.3533.1731. Available at http://www.google.com/earth/index.html. 
KDHE (2000) A Watershed Conditions Report for the State of Kansas HUC 11030014 (North Fork Ninnescah). Kansas 

Department of Health and Environment: Topeka, Kan., USA. Available at: 
http://www.kdheks.gov/nps/wc_reports/11030014.pdf . 

Knapen, A. & Poesen, J. (2010) Soil erosion resistance effects on rill and gully initiation points and dimensions. Earth Surf. 
Process. Land. 35, 217–228. 

Meyer, A. & Martinez-Casasnovas, J. A. (1999) Prediction of existing gully erosion in vineyard parcels of the NE Spain: A 
logistic modelling approach. Soil Tillage Res. 50 (3–4), 319–333. 

Montgomery, D.R. & Dietrich, W.E., 1994. Landscape dissection and drainage area-slope thresholds. In: Process Models and 
Theoretical Geomorphology, M. J. Kirby (Ed.). Wiley, New York, pp. 221–246. 

Moore, I.D., Burch, G.J. & Mackenzie, D.H. (1988) Topographic effects on the distribution of surface soil water and the 
location of ephemeral gullies. Trans. ASAE 32, 1098–1107. 

Nachtergaele, J., et al. (2001. Testing the ephemeral gully erosion model (EGEM) for two Mediterranean environments. Earth 
Surf. Proc. Land. 26, 17–30. 

Nearing, M. A., et al. (1989) A process-based soil erosion model for USDA-Water Erosion Prediction Project technology. 
Trans. ASAE 32(5), 1587–1593. 

NRI (2007) Annual National Resources Inventory, Soil Erosion. United States Department of Agriculture, National Resources 
Conservation Service. Washington, DC. 

Poesen, J., et al. (1996) Water erosion monitoring and experimentation for global change studies. J. Soil Water Conserv. 51(5), 
386–390. 

Poesen, J., Torri, D. & Vanwalleghem, T.(2011) Ch. 19 – Gully erosion: procedures to adopt when modelling soil erosion in 
landscapes affected by gullying. In: Morgan, R.P.C., and M.A. Nearing (eds). Handbook of Erosion Modelling. Oxford, 
UK: Blackwell-Wiley. 

Sheshukov, A.Y., et al. (2011. High spatial resolution soil data for watershed modeling: 1. Development of a SSURGO-
ArcSWAT utility. J. Natural & Environ. Sci. 2(2), 15–24. 

USDA-NRCS (2005) Soil Survey Geographic (SSURGO) database. Washington, D.C.: USDA Natural Resources Conservation 
Service. Available at: http://soildatamart.nrcs.usda.gov/default.aspx .  

USDA-NRCS (2011) Digital Elevation Model Database. USDA Natural Resources Conservation Service. Washington, D.C. 
USGS (1999) DASC data catalog. Lawrence, Kans.: Kansas Data Access and Support Center. Available at: 

http://www.kansasgis.org/catalog/catalog.cfm . 
Vandaele, K., et al. (1996. Geomorphic threshold conditions for ephemeral gully incision. Geomorphology 16, 161–173. 
Vandekerckhove, L., Poesen, J. & Wijdenes, D. O. (2000) Thresholds for gully initiation and sedimentation in Mediterranean 

Europe. Earth Surf. Proc. Land. 25, 1201–1220. 
Woodward, D. E. (1999) Method to predict cropland ephemeral gully erosion. Catena 37, 393–399. 

 
 

http://www.ksre.ksu.edu/bookstore/pubs/MF3030.pdf
http://www.google.com/earth/index.html
http://www.kdheks.gov/nps/wc_reports/11030014.pdf
http://soildatamart.nrcs.usda.gov/default.aspx
http://www.kansasgis.org/catalog/catalog.cfm

	INTRODUCTION
	STUDY AREA
	SLOPE-AREA TOPOGRAPHIC INDEX MODEL
	PROCESS-BASED TOPOGRAPHIC INDEX MODEL
	RESULTS
	REFERENCES

